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ABSTRACT
This paper aims to analyze the influence of state political affiliation and policy on
affective risk perceptions, in the context of COVID-19. The study of risk perceptions in
the travel literature is important because it can help industry leaders predict tourist
decision-making and ensure feelings of safety for travelers. The relevance of risk
perceptions has become even more apparent since the start of the COVID-19 pandemic.
This study analyzes three policies put into place to mitigate the spread of COVID-19:
mask mandate, cancellation of public events, and school closures. Affective risk
perceptions were measured by the Tourism Crisis Management Initiative’s COVID-19
Perceptions of Risk Travel Survey. These findings will help inform future crisis
management decisions by providing insight into the effect of policy and state political
affiliation on affective risk perceptions. It will highlight the importance of customizing
crisis communication and marketing in the tourism industry to decrease affective risk
perceptions in target populations. By doing so, tourists will feel safe and be encouraged
to continue travel.
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CHAPTER 1
INTRODUCTION
In January 2020, the CDC identified the first case of COVID-19 in the United
States; just 11 days later, the CDC declared the virus a public health emergency (Center
for Disease Control and Prevention [CDC], 2022a). COVID-19 is a highly transmissible
viral disease that targets the respiratory system (World Health Organization [WHO],
2022). The virus can cause mild to severe symptoms and death (WHO, 2022). Cases
continued to rise in the United States, and in March of 2020, the World Health
Organization declared COVID-19 a pandemic, becoming a nationwide emergency (CDC,
2022a). Immediately states began to shut down schools, bars, and restaurants (CDC,
2022a). As a result, the tourism industry came to a near standstill. The CDC issued a “no
sail” order for cruise ships, and many countries stopped receiving international travelers.
The United States tourism industry suffered a huge economic loss due to the pandemic
and will continue to feel the effects for years. It is estimated that approximately $910
billion to $1.2 trillion U.S. dollars were lost due solely to the lack of spending by
international travelers (United Nations World Tourism Organization [UNWTO], 2020).
During the pandemic, public health policies were implemented at the state level
(CDC, 2022b; Seyfi et al., 2020). These policies were intended to mitigate the spread of
COVID-19 (CDC, 2022b). State-level policies were highly politicized in the news media
(Kerr et al., 2021). Political messaging is known to appeal to an individual’s affective
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perceptions, specifically anxiety during a crisis (Gross, 2008; Kemp et al., 2021;
Renstrӧm & Bӓck, 2021). Disbelief and distrust in policy and political officials can
impact affective perceptions (Knack & Zac, 2003; Lee & Stroker, 2000). Since the stateimplemented policies were wide-ranging and implemented all over the country, they
significantly impacted the lives of citizens and many industries (CDC, 2022b; Seyfi et al.,
2020).
A tourism crisis is “an event or set of circumstances which can severely
compromise or damage the marketability of a tourism business or destination” (Pacific
Asia Travel Association [PATA], 2012, p. 1). There are many different categories of
crisis. One type of crisis is a health crisis which includes epidemics and pandemics
(PATA, 2012). Health crises can be highly disruptive in the tourism industry. Although
there have been many studies about the effects of health crises on the tourism industry,
the scale at which COVID-19 existed expands far beyond previous health crises. Jones
and Salathe (2009) point out that the current pandemic literature is lacking because data
collection is gathered at the height or long after the crisis. According to Faulkner’s (2001)
community response disaster framework, there are six stages to a community’s response:
pre-event, prodromal, emergency, intermediate, long-term recovery, and resolution. In
this study, data collection was done throughout 2020, capturing the early stages of the
pandemic (Faulkner, 2001). However, due to the complex long-term nature of the
COVID-19 pandemic, this data set does not capture the resolution since routine had not
yet been restored, and many of the policies remained in place (CDC, 2022b; Faulkner,
2001). Through the study of the pandemic, researchers and industry leaders can gain
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insight into and improve crisis management strategies for future crises affecting the
tourism industry.
Risk perceptions have been studied throughout tourism literature because of their
insight into tourists’ behaviors and decision-making (Floyd & Pennington-Gray, 2004;
Reisinger & Mavondo, 2005; Sönmez & Graefe; 1998a). However, many of these studies
are not guided by theory (Schroeder, 2015). Schroeder (2015) proposed a way to measure
travel risk perceptions using the Protection Motivation Theory (PMT) and the “risk as
feelings” hypothesis (Loewenstein et al., 2001; Rogers, 1975; 1983). Risk perceptions
included cognitive and affective perceptions (Schroeder, 2015). Cognitive risk
perceptions were measured based on the fear appraisal process of the PMT, which
includes perceived vulnerability and perceived severity (Rogers, 1975; 1983; Schroeder
et al., 2016). The affective evaluations are motivated by emotions and are measured on a
scale of three feelings: anxiety, fear, and worry (Loewenstein et al., 2001; Schroeder et
al., 2016). Each element can influence behaviors uniquely and provide an overall picture
of risk perceptions. For this study, we will look solely at affective risk perceptions
because affective risk perceptions can sometimes bypass cognitive risk perceptions in the
decision-making process (Loewenstein et al., 2001).
This study will look at mask mandates, cancellation of public events, and school
closures. These are some of the most common policies implemented during the COVID19 pandemic (CDC, 2022b). These were implemented in various capacities at the state
level over time. Therefore, the data accounts for a broad range of strictness across the
states. While these policies do not seem to directly effect tourism, they do carry
implications for the tourism industry (Liang et al., 2021; Pachucki et al., 2022; Uğar &
9

Abiyik, 2020). Studying risk perceptions is more important than ever in the wake of
COVID-19. The negative impacts of the pandemic might not have been as profound if
there had been a clear understanding of affective risk perceptions and policy. Now that
the pandemic's effects have been experienced worldwide, we can learn from the intense
emotional response associated with the pandemic. This research is also essential because
it creates an awareness of the relationship between health crises and affective risk
perceptions. Up until this point, most health crises were local and short-lived (Cahyanto
et al., 2016; Gössling et al., 2020; Lee & Chen, 2011; Novelli et al., 2018; Peterson et al.,
2016). Now that we have experienced an enduring global crisis that has continuously
evolved, we will continue to have science drive our knowledge on the impact and
response to the pandemic (Gössling et al., 2020). This body of literature will continue to
be more relevant in future studies as crises continue to occur frequently and have
devastating impacts on the travel industry (Faulkner, 2001).
Public health scholars argue that policy implementation, or lack thereof, is
politically driven (Greer et al., 2020). There is a great need to explore the political
implications of policy response to COVID-19 (Greer et al., 2020). Thus, this study will
begin to explore how the politicization of the pandemic influenced affective risk
perceptions and policy implementation.
1.1THEORETICAL LENSE: SOCIAL ECOLOGY
Social-ecological studies demonstrate how humans and the environment interact.
The social-ecological concept can apply to many contexts. The social-ecological
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perspective helps drive this study because it explains the impact of outside forces, in this
case politics and policy on an individual’s likelihood to travel.
The study of social ecology was first used to describe human development
(Bronfenbrenner, 1977). Bronfenbrenner (1977) explained a complex system in which
humans and the environment are constantly interacting and adapting. The study must
analyze the individual human changes as well as multiple levels of human groups,
changes in the environment, and the interaction between humans and the environment
(Bronfenbrenner, 1977).
It was later developed to guide public health initiatives (Stokols, 1992). Socialecological research operates under four key assumptions (Stokols, 1992). The first is that
health or well-being is influenced by the physical and social environment (Stokols, 1992).
The second assumption is that health and health promotion need to account for the
complexities of the human environment, such as the physical components, social
components, objective qualities, and subjective qualities (Stokols, 1992). The third
assumption is that the environment can be studied at various participant levels, from
individuals to large groups (Stokols, 1992). Lastly, social-ecological research considers
the interaction between the participants and the environment (Stokols, 1992). The theory
is complex because the environment can influence collective and personal health in many
ways through the interactions between the environment and people (Stokols, 1992). The
way in which people interact with the environment and how the environment interacts
with people can vary vastly (Stokols, 1992). The goal is to weigh the positive and
negative outcomes of the environment and human interaction to form an overall positive
and healthy environment (Stokols, 1992). By utilizing the social-ecological perspective,
11

public health scholars analyze the specific social and environmental settings to provide
the most effective public health messaging and efforts (Stokols, 1992).
Public health scholars continued to study the social-ecological perspective and
outline its relevance to health. Stokols (1996) outlined the five ways in which social and
environmental landscapes interact in the health field: social and physical environments
are a medium for disease transmission, the environment can serve as a stressor (political
and personal conflict), the environment can be dangerous (pollution, chemical spills,
violence), the environment enable health behavior (mask requirement, smoke detectors,
seat belts), and the environment can provide health resources (public health, insurance)
(Stokols, 1996). The social-ecological perspective encompasses behavioral and
environmental strategies, active and passive interventions, and individual as well as
community level strategies (Stokols, 1996).
The social-ecological perspective is relevant to this study because of the social
and environmental implications of the pandemic (Stokols, 1996). The environment
accelerated disease transmission, especially in tight spaces such as cruise ships and
airplanes (Azimi et al., 2021). During COVID-19, the environment was stressful because
of the pandemic and the polarization of the pandemic and health-related policies (Cheung
& Tse, 2008). Environmental conditions also created both safe and dangerous areas;
inside the home was considered safe, while being out in public was considered dangerous
(Yan et al., 2021). Public health behavior was not only enabled but also required in most
spaces with social distancing and mask mandate policies in place (CDC, 2022b). During
the pandemic, health resources were provided, such as free testing and vaccines (Health
Resources and Services Administration [HRSA], 2022). This thesis will apply the socio12

ecological perspective to politics and public health influences on human affective risk
perceptions.
In summary, this study aims to initiate the state political affiliation and policy
conversation in the tourism crisis management literature by exploring the role state
political affiliation plays in enacting policy during a crisis and how state political
affiliation and policies influence affective risk perceptions. This will provide insight into
the traveler’s emotional state during a crisis, as well as if there are differences in how
Republican and Democratic-majority states policies impacted affective risk perceptions
during a crisis and how effective the procedures were in mitigating affective risk
perceptions in relation to travel. All the while controlling for number of COVID-19 cases
due to the impact of increased infection rates on anxiety (Kumar & Nayar, 2021,
Pfefferbaum & North, 2020). These relationships will provide insight into politics and
policy’s role in tourism crisis management. Therefore, influencing future decisionmaking during a crisis.
Using data collected by the Tourism Crisis Management Initiative (Tourism Crisis
Management Initiative, [TCMI] n.d.), the CDC (2022b), and the Cook Political Report
(Wasserman et al., 2022), this study will examine the following research questions:
1. Do travelers’ affective risk perceptions differ based on state political
affiliation?
2. Do travelers’ affective risk perceptions differ based on policy (mask mandate,
cancellation of public events, school closure)?
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3. Does the effect of state political affiliation on travelers’ affective risk
perceptions depend on policy?
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CHAPTER 2
LITERATURE REVIEW
A crisis can have long-lasting negative impacts that can damage the economy as
well as the structural foundation of a destination (Sausmarez, 2007). A crisis can also
damage a tourist’s perception of the safety of a destination, which impacts destination
choice and intention to travel (Sausmarez, 2007). Therefore, the tourism industry must
understand the affective perceptions of a tourist so that they can provide a sense of safety
to tourists so they will continue to travel. This study will expand on the current crisis
management literature and provide a more holistic understanding of affective risk
perceptions in the United States. This study will show the importance of understanding
affective risk perceptions as it relates to policy and state political affiliation, allowing for
a better understanding of tourist desires in times of crisis and how they are influenced by
policy.
The current crisis management literature has limited information on a health crisis
of this magnitude and how these crises effect the tourism industry. In addition, the
relationship between affective risk perceptions and policy and politics are understudied in
the tourism literature. This section of the thesis has 12 areas of review.
2.1 THEORIES RELATED TO RISK PERCEPTION AND TRAVEL
Throughout the tourism risk perception literature, there has been an increased use
of theories adopted from other disciplines such as health behavior, psychology, and
economics. By utilizing theories from different disciplines, researchers can lend more
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credibility to the travel risk perception literature and extend our knowledge of these
theories (Schroeder, 2015). This portion of the literature review will outline the theories
used in the travel literature that is relevant to this study. The following theories and
frameworks will be explained in this section: Protection Motivation Theory, Social
Amplification of Risk Framework, Risk-as-Feelings Hypothesis, Psychometric Paradigm,
and the TRIRISK Model.
The Protection Motivation Theory (PMT) was developed in the health literature to
describe the relationship between fear appeals and attitude change (Rogers, 1975). Fear
appeals refer to an outside stimulus that starts the cognitive process leading to attitude
change (Rogers, 1975). Through the years, the model has developed into the general
attitudinal change model (Maddux & Rogers, 1983). This model describes two processes
influencing attitude change: threat appraisal and coping appraisal (Rogers, 1983). The
threat appraisal process is made up of an individual’s perceived severity and perceived
susceptibility/vulnerability (Rogers, 1983). The coping appraisal process is made up of
self-efficacy and response efficacy (Rogers 1983). These two processes describe how
cognition leads to attitude change. The protection motivation theory gave researchers an
idea of how to explore the thought processes behind decision-making so that they could
predict future decisions.
The psychometric paradigm was created to explain risk perceptions among the
layperson (Slovic, 1987). Slovic (1987) postulated that risk perceptions are much more
complex than researchers had previously described. The psychometric paradigm states
that risk perceptions are a culmination of many different quantitative and qualitative
factors (Slovic, 1987). To illustrate this, Slovic (1987) asked participants to rank 30 types
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of hazards on a scale of least to most risky. Risks were then mapped based on familiarity
with the risk type and dread associated with it (Slovic, 1987). This showed that
unfamiliar, dread lead to the highest risk perceptions (Slovic, 1987). The paradigm
illustrates the subjective nature of risk perceptions.
The Social Amplification of Risk Framework (SARF) has been used throughout
the literature to explain how risk perceptions can be intensified (Kasperson et al., 1988).
The framework explains that risk can be amplified by the initial transport of risk
information and by society’s response to risk information (Kasperson et al., 1988).
Characteristics of the information source and response of others can amplify risk and
spread the impacts of risk far beyond the reach of the direct victims (Kasperson et al.,
1988). SARF is relevant to this study because the theory helps illustrate how external
factors can influence risk perceptions.
Loewenstein et al.’s (2001) risk-as-feelings hypothesis (RAFH) introduced
affective evaluation in the decision-making process. In contrast, previous studies have
analyzed just the cognitive evaluation (Rogers, 1983). RAFH proposed that cognitive and
affective evaluations influence decision-making (Loewenstein et al., 2001). Loewenstein
et al. (2001) suggested that cognitive evaluations are comprised of perceived severity and
perceived susceptibility/vulnerability, which coincides with the Protection Motivation
Theory (Rogers, 1983). However, affective evaluations refer to emotions such as fear,
anxiety, and worry (Loewenstein et al., 2001). RAFH also suggested a relationship
between the affective and cognitive evaluations where affective evaluation can exert a
more substantial influence on decision-making than cognitive evaluations (Loewenstein
et al., 2001). The specific nature of that relationship has not been determined. However,
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researchers acknowledge that affective perceptions are an important part of overall risk
perceptions (Loewenstein et al., 2001; Schroeder, 2015). RAFH highlights the
importance of both cognitive and affective perceptions.
Risk perceptions have continued to be a topic of interest throughout literature in
many disciplines. While the RAFH considered cognitive and affective perceptions, the
tripartite model of risk perceptions (TRIRISK) has begun to include a third type of
perception; experiential. Experiential perceptions refer to a knee-jerk reaction to a risk
(Ferrer et al., 2016). The experiential perceptions lead to quick decision-making that
requires little thought (Ferrer et al., 2016). These perceptions are built on past
experiences and are very individualized, making them hard to capture (Ferrer et al.,
2016). Further exploration of risk perceptions should explore experiential risk
perceptions and create a more comprehensive way to measure risk perceptions (Riley et
al., in press).
There are many theories and frameworks that are used in risk perception studies.
Studying risk perceptions gives researchers insight into the decision-making process.
Applying these theories to the travel literature to understand travel-specific risk
perceptions is important. With a more nuanced measure of risk perceptions, industry
leaders can predict tourists’ response to a crisis and therefore act in a way that will reduce
the negative impacts of that crisis.
2.2 TRAVEL RISK PERCEPTIONS
Throughout the travel literature, scholars have attempted to explore risk
perceptions because of their importance in the tourist decision-making process (Reisinger
& Movando, 2005; Roehl & Fesenmaier, 1992; Schroeder, 2015; Sӧnmez & Graefe,
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1998a, 1998b). Many of these studies lack a clear conceptualization of risk perceptions
from existing theories (Schroeder, 2015). The following section will provide a brief
overview of the travel risk perception literature.
Risk perception is not new to the travel literature; however, many risk perception
studies in the travel literature have failed to apply theory properly. A theory provides
support, reasoning for, and credibility to an argument (Riley et al., in press; Schroeder,
2015). A study without a theoretical basis if accepted by readers or scholars can cause a
ripple effect, as it gets cited throughout the literature.
An example of a study that has caused a long-lasting ripple effect is the work of
Sönmez and Graefe (1998a, 1998b) (Riley et al., in press; Schroeder, 2015). Sönmez and
Graefe’s studies (1998a, 1998b) represent some of the early explorations of risk
perceptions in the travel literature. While these studies have been cited consistently
throughout the travel literature, they lack the application of theory (Schroeder, 2015). The
risk perceptions definition and measures used in Sönmez and Graefe (1998a, 1998b) were
not grounded in theory; there is little theoretical evidence to support the use of these
measures (Riley et al. in press; Schroeder, 2015).
As risk perceptions continued to be explored in the travel literature, lack of a
theoretical foundation continued to be an issue (Riley et al., in press; Schroeder, 2015).
Lepp and Gibson (2003) adopted the risk perceptions of Sönmez and Graefe (2003),
further perpetuating the lack of theory in the travel literature (Riley et al., in press). Lepp
and Gibson (2003) did not clearly define risk perceptions, nor was there any explanation
of why they measured them the way they did. Instead, they relied on former studies that
were not based on theory (Riley et al., in press; Schroeder, 2015).
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Two years later, Reisinger and Mavondo (2005) began to explore the
demographic factors influencing risk perceptions. Reisinger and Mavondo (2005)
introduced the concept of affect in the risk perception literature. They included the
concept of ‘uncertainty’ in their definition of risk perceptions (Reisinger & Mavondo,
2005). However, when conceptualizing risk perceptions, uncertainty became a type of
risk, rather than operationalizing the concept of affective perceptions (Reisinger &
Mavondo, 2005; Riley et al., in press).
As with Reisinger and Mavando (2005), another study emerged that explored
affect (Larsen et al., 2009). Although Larsen et al. (2009) included the concept of tourist
worry in their study, it was still distinct from risk perceptions (Riley et al., in press;
Schroeder, 2015). According to RAFH, worry and other emotions are a part of risk
perceptions, not merely a stimulus. (Loewenstein et al., 2001; Riley et al., in press;
Schroeder, 2015).
Through a study of generalized anxiety disorder, Buhr and Dugas (2009)
examined fear of anxiety and worry. Fear of anxiety and intolerance of uncertainty in
combination increased worry (Buhr & Dugas, 2009). This can cause a cycle of emotional
distress in individuals who are intolerant of uncertainty and fearful of anxiety (Buhr &
Dugas, 2009). Buhr and Dugas (2009) identified that intolerance of uncertainty plays an
integral role in worry and therefore, affective risk perceptions. Thus, Buhr and Dugas
(2009) show that uncertainty is part of the concept of risk perceptions (Riley et al., in
press; Schroeder, 2015).
Risk perception studies in the tourism industry began to analyze the impact of risk
perceptions on decision-making (Matyas et al., 2011). They also gathered individual
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information, such as experience with hurricanes to see if they impacted risk perceptions
and evacuation decisions (Matyas et al., 2011). Coastal tourists and tourists with children
were among some of the groups examined (Matyas et al., 2011). Tourists with higher risk
perceptions were more likely to evacuate from a hurricane (Matyas et al., 2011). This
study revealed a connection between evacuation decisions and risk perceptions, as well as
individual factors and risk perceptions (Matyas et al., 2011).
More recent travel risk perception studies have identified the lack of a clear
conceptualization of risk perceptions in the travel literature (Chein et al., 2016; Yang &
Nair, 2014). However, they too, have not used theory to support their reasonings (Chein
et al., 2016; Riley et al., in press; Yang & Nair, 2014). As risk perceptions continue to be
explored in the travel literature, it is important to provide sound reasoning backed by
theory (Schroeder, 2015).
2.3 AFFECTIVE RISK PERCEPTIONS IN TRAVEL LITERATURE
Many studies have included affective risk perceptions; however, they are often
considered a separate construct from risk perceptions (Chein et al., 2016; Larsen et al.,
2009; Reisinger & Mavondo, 2005). By considering affect separate from cognitive risk
perceptions, most studies are inconsistent with the RAFH (Loewenstein et al., 2001;
Schroeder, 2015). While this thesis measures only affective risk perceptions, we only
claim to measure affective perceptions.
To remedy these issues in the travel risk perception literature, Schroeder (2015)
proposed a model explaining the various risk-related concepts in a theoretical manner.
Risk perceptions were operationalized based on three concepts from PMT and RAFH:
affective risk perceptions, perceived vulnerability, and perceived severity (Floyd et al.,
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2001; Loewenstein et al., 2001; Schroeder, 2015). Schroeder (2015) expanded the PMT
threat appraisal process to include affective risk perceptions, which created an overall
picture of risk perceptions.
McIntosh et al. (1998) recognized anxieties involved in travel. Anxiety is an
element of affective risk perceptions related to relocation from a safe home environment,
the uncertainty, and uncontrollability of specific situations (such as flight and terrorist
attacks), and anxiety or dread associated with making wrong decisions (McIntosh et al.,
1998). Anxiety can also be heightened in certain situations, such as when experiencing
turbulence on a plane (McIntosh et al., 1998). McIntosh et al. (1998) showed that anxiety
is not static but can be heightened at specific times, events, and situations. Therefore,
anxiety presents itself not only while traveling but also while making decisions about
travel (McIntosh et al., 1998). Anxiety can be either anticipated ahead of time or as a
reaction to a direct stimulus (Loewenstein et al., 2001; McIntosh et al., 1998).
When Loewenstein et al. (2001) introduced the RAFH, they emphasize the power
of affective concepts on behavior. In cases where cognitive and affective perceptions are
at odds, the affective perceptions oftentimes exert a stronger influence (Loewenstein et
al., 2001). Affect can cause knee-jerk reactions that may not be in line with rational
thinking and decision-making (Loewenstein et al., 2001). Debilitating fear and anxiety
are often best understood when observing phobias (Loewenstein et al., 2001). Although it
may be unlikely for a plane to crash, someone with a fear of flying will avoid flying due
to the intense fear and anxiety they associate with plane crashes (Loewenstein et al.,
2001). However, the RAFH acknowledges that there are times when cognitive
evaluations elicit behavior and decision-making (Loewenstein et al., 2001).
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Buhr and Dugas (2009) explored the relationships between uncertainty, worry,
and anxiety. Due to the close relationship between these affective states and their
dynamic nature, Buhr and Dugas (2009) argue that affective perceptions cannot contain
merely one concept, but that multiple feelings should be captured. Supporting the
decision to include three affective states in the concept of affective risk perceptions
(Riley et al., in press; Schroeder, 2015; TCMI, n.d.). Anxiety is a complex and dynamic
concept that evolves with external pressures (McIntosh et al., 1998). Therefore, affective
risk perceptions should be measured constantly to account for different situations (TCMI,
n.d.).
There have been several scales developed in recent years because of the COVID19 pandemic. These scales include but are not limited to the Coronavirus Anxiety Scale,
Fear of COVID-19 scale, and the Pandemic Anxiety Travel Scale. The Coronavirus
Anxiety Scale (CAS) is a five-item scale that consists of the physical manifestations or
symptoms of anxiety (Lee, 2020). The five symptoms included in the scale are dizziness,
sleep disturbances, loss of appetite, immobility, and abdominal distress (Lee, 2020). Each
item was integrated into a statement about the coronavirus, and participants were asked to
indicate how often in the past two weeks they felt these symptoms (Lee, 2020). The CAS
is mainly used in medical settings as it deals with physical manifestations of anxiety.
The Fear of COVID-19 Scale consists of 7 items obtained through a literature
review (Ahorsu et al., 2020). These items consist of both physical manifestations of fear
(heart palpitations, sweaty palms, etc.) and general fearful thoughts such as being afraid
of death due to illness (Ahorsu et al., 2020). The scale was not developed from theory
and has seen limited testing.
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The Pandemic Anxiety Travel Scale is a five-item scale that consists of statements
regarding worry and anxious thinking (Zenker et al., 2021). The scale was created to
reflect clinical measures of anxiety (Zenker et al., 2021). However, the scale is not
grounded in theory, and it is unclear where the measures were obtained from.
This thesis looks at affective risk perceptions, and more specifically, by
incorporating the Tourism Crisis Management Initiative’s (TCMI) survey (Tourism
Crisis Management Initiative [TCMI], n.d.). Affective risk perceptions are analyzed
because of their ability to influence decision-making. Loewenstein et al. (2001) explain
that both cognitive and affective perceptions are important, however, affective
perceptions can be so strong that cognitive perceptions are completely bypassed. TCMI
developed a three-part semantic differential survey item to measure affective risk
perceptions from Schroeder (2015) and Schroeder et al. (2016). The question
incorporates three semantic differential items from Loewenstein et al. (2001). The items
are relaxed-anxious, fearless-fearful, and assured-worried (Loewenstein et al., 2001;
Schroeder, 2015; Schroeder et al., 2016; TCMI, n.d.). By utilizing this scale, the study
provides an overall picture of affective perceptions involved in risky decision-making.
2.4 HEALTH RISKS
There are many different types of risks that can impact the tourism industry.
PATA (2012) identified 14 risk types: economic, health-related, psychological/emotional,
environmental, financial, human, natural hazards, occupational health and safety, product
deficiencies, property damage, professional liability, public liability, security, and
technological. While these risks cover a broad range of topics, it does not represent all
risks that could occur while traveling (PATA, 2012). Risks can also be either human or
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nature inducted (TCMI, n.d.b). Each type of risk can impact destinations and tourists in
unique ways. However, for the purpose of this study, we will investigate health-related
risks, and the COVID-19 pandemic specifically.
Although this study focuses on perceptions related to COVID-19and its impact on
United States domestic travel, it is important to note that risk perceptions can vary by
type and location (Schroeder et al., 2013). Zenker et al. (2021) mentioned that
international travel is often associated with higher risk. When traveling, individuals are
vulnerable to disease and other health risks as they expose themselves to several people
and locations that they do not usually frequent. Due to the heightened risk involved in
travel, tourists’ risk perceptions are an extremely important part of the travel decisionmaking process (Cahyanto et al., 2016). Travel health concerns are often related to the
contraction of an infection or disease such as SARS and Zika virus (Cahyanto et al.,
2016; Widmar et al., 2017). Since the COVID-19 pandemic there has been an increased
focus on health risks in the travel literature.
Although the pandemic elevated interest in health risks, prior to the pandemic,
scholars had begun to explore the impact of health risks on travel. Reisinger and
Mavondo (2005) found that health risks decreased travelers’ perception of safety. Health
risks can deter travelers from visiting a particular destination (Reisinger & Mavondo,
2005). While Reisinger and Mavondo (2005) investigated health risks with a broader
view, Cahyanto et al. (2016) looked at the specific impact of Ebola on travel avoidance.
They found that perceived risk was a strong predictor of travel avoidance (Cahyanto et
al., 2016). Higher perceived risk could also lead to increased use of preventative
measures (Cahyanto et al., 2016). These studies illustrate how health risks can influence

25

travel decision-making, showing the importance of exploring the role of health risk
perceptions in the travel literature (Cahyanto et al., 2016; Reisinger & Mavondo, 2005).
Health scholars have also examined how crises affect anxiety and mental health
(Kokaliari, 2016). They found that during times of crisis, populations experience higher
levels of anxiety and depression (Kokaliari, 2016). A policy can sometimes have adverse
consequences and can cause a crisis to worsen, in turn increasing anxiety and depression
(Kokaliari, 2016). Thus, we should see a relationship between policy and anxiety, which
is an affective risk perception.
Chein et al. (2016) also explored travelers’ health risk perceptions. In this study,
the affective dimension of worry was explored (Chein et al., 2016). Inconsistent with the
RAFH, Chein et al. (2016) included the affective element as separate from overall risk
perceptions (Loewenstein et al., 2001; Riley et al., in press). However, they found that
worry had a significant influence on personal protective behavior (Chein et al., 2016).
Other studies have highlighted how health risk perceptions can vary depending on a
variety of factors such as location, family life, income, and education (Anderson et al.,
2020; Widmar et al., 2017). Thus, it will be interesting to see if policy and state political
affiliation can impact perceptions.
2.5 POLICY, POLITICS, AND RISK PERCEPTIONS
The role of policy and politics related to crisis management in the travel industry
has been understudied. There is even less information on how policy and politics impact
affective risk perceptions. However, there has been a few tangential studies that will be
outlined in this section. This study aims to fill that gap and highlight the importance of
policy and state political affiliation in tourism crisis management.
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Political scholars have begun to explore the relationship between affect and
politics (Gross, 2008; Verhoeven & Duyvendak, 2015). Gross (2008) studied political
messaging and framing. They found that political messaging appeals to cognitive and
affective evaluations (Gross, 2008). Messaging that appealed to emotions influenced the
political decision-making process (Gross, 2008). Verhoeven and Duyvendak (2015) also
studied political framing and found that political messaging often appeals to feelings of
anxiety. Politicians appealed specifically to anxiety in messaging related to controversial
policies (Verhoeven & Duyvendak, 2015). While not directly related to travel, these
studies are relevant because they demonstrate the importance of emotions in the decisionmaking process in the context of politics and policy.
While there is limited literature about policy implementation related to crisis
management and its relationship to affective risk perceptions, scholars have examined
policy implementation within the tourism industry in general (Krutwaysho & Bramwell,
2010). Many of these studies have focused on the impact of policy on tourism
development (Krutwaysho & Bramwell, 2010). There are both tourism-specific policies
and external policies that impact the tourism industry (Krutwaysho & Bramwell, 2010).
This thesis focuses on the public health policies implemented during COVID-19
and how they affected the tourism industry. Policy implementation is typically contingent
upon the locale (Bramwell & Meyer, 2007; Krutwaysho & Bramwell, 2010). This was
evident during the pandemic, as public health policies were decided at the state level
(CDC, 2022a). Therefore, this study will examine the differences in affective risk
perceptions between policy type and implementation.
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To reduce the spread of COVID-19, many countries began implementing policies
restricting or limiting travel (Seyfi et al., 2020). Some countries completely halted
international travel, while others implemented a mandatory quarantine for travelers (Seyfi
et al., 2020). These barriers made travel less convenient and more costly. Seyfi et al.
(2020) argue that many travel-based policies were used to disguise political agendas. The
pandemic provides an opportunity for governments to implement strict border policies
with little questioning (Seyfi et al., 2020). Policies adopted by various governments are
linked to trust in the government. If the policy is not believed to have a positive impact
on the desired outcome, then often the policy is not supported and thus, governments are
not trusted.
The health and psychology disciplines have begun to explore anxiety during a
crisis and how it relates to specific policy and political intentions (Cheung & Tse, 2008;
Kemp et al., 2021; Renström & Bӓck, 2021). However, the tourism literature has not yet
explored these topics and how they affect travel. Cheung and Tse (2008) analyzed the
influence of trust on anxiety in the context of the Hong Kong 2003 SARS outbreak. They
found that when there was a lack of trust in medical and government institutions, anxiety
was exacerbated (Cheung & Tse, 2008). While Cheung and Tse’s (2008) findings are not
directly related to the present study, they call for further investigation of the relationship
between government and affective perceptions.
Since the COVID-19 pandemic, scholars have revisited the relationship between
trust and anxiety during a crisis (Kemp et al., 2021; Renström & Bӓck, 2021). Kemp et
al. (2021) found that lack of control did not increase fear and anxiety. Their reasoning for
this was that government and CDC policy indirectly led to feelings of control that
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mitigated the feeling of anxiety (Kemp et al., 2021). However, they provided no
empirical evidence to support that reasoning. While Kemp et al. (2021) analyzed the
effect of policy on anxiety, Renström and Bӓck (2021) considered the opposite direction.
Renström and Bӓck (2021) found the presence of intense emotions (specifically fear,
anxiety, and anger) increased support for COVID-19-related policy. Therefore, both
studies highlight the need for further research into the relationship between affective risk
perceptions and policy (Kemp et al., 2021; Renström & Bӓck, 2021).
2.6 POLICY AND TRUST
Trust is a topic that has mostly been explored in sociological and political
literature. However, this has started to spill over in the tourism industry as scholars begin
recognizing the impact trust has on behavioral intention, which could include some form
of travel or tourism.
Early sociologists described trust as a function of social ties (Granovetter, 1973).
Granovetter (1973) speculated in the Strength of Weak Ties (SWT) that trust exists
through a social link. Thus, trust in leadership existed only if one had a link to someone
who could converse with the leader and vouch for them (Granovetter, 1973). This link
would only exist through someone who with you are weakly connected; as Granovetter
(1973) explains, people connected through strong social ties tend to operate in the same
social groups and therefore have the same contacts. In this case, weak ties are important
because they expand trust outside of an immediate social network (Granovetter, 1973).
However, weak ties are still ties; a weak tie could exist between two people with a shared

29

background who are otherwise strangers (Granovetter, 1973). Therefore, trust is still
limited to the social circles that share a common ground.
Granovetter (1983) revisits SWT and emphasizes that weak ties are beneficial
relationships only when they are a bridge to other social groups. Granovetter (1983)
emphasizes the importance of weak ties. The SWT provides an early analysis of trust and
information dissemination among groups of people (Granovetter, 1973; 1983). The
implication of the SWT is that trust is influenced by social relationships and
commonalities (Granovetter, 1973; 1983). Therefore, it is important to note that when
someone has limited weak ties, they surround themselves with people to whom they are
strongly similar and limit their flow of information within their social group
(Granovetter, 1973; 1983). Thus, trust extends just to those individuals to whom they are
strongly connected.
Granovetter (1985) later proposes the idea of embeddedness. Embeddedness
builds off the SWT by introducing the idea that human behavior is formed by an
individual’s social network (Granovetter, 1985). Granovetter (1985) suggests that social
networks influence economic and political decision-making. The argument is specifically
related to a buyer/seller relationship (Granovetter, 1985). Trust for a particular seller is
built within the context of a social network through relationships and word of mouth
(Granovetter, 1985). If that seller commits some sort of wrongdoing, they lose the trust of
the whole social network and therefore lose their market (Granovetter, 1985). In that way,
a seller is encouraged to do well by the customer to keep their trust and loyalty
(Granovetter, 1985). Now substitute that seller for a leader or government official; the
leader wants to gain the trust of their constituents so that they can gain the support and
30

loyalty of a whole network of people (Granovetter, 1985). To keep that trust, the leader
must stay in the good graces of their constituents by being relatable, listening, and
enacting policy in line with constituents’ beliefs (Granovetter, 1985). Trust is built
through information about an individual, such as word of mouth from others and
experience with the individual (Granovetter, 1985). A greater level of trust also provides
more opportunities for manipulation of an individual (Granovetter (1985). Granovetter
(1985) demonstrated that trust in political leaders can be socially constructed. Trust is
essential for leaders to gain support for their continued election and their agendas.
However, Granovetter (1985) did not define trust (Shapiro, 1987). Therefore
Shapiro (1987) attempts to clarify Granovetter’s (1985) trust assumptions by providing
empirical evidence. Trust is “a social relationship in which principle invest resources,
responsibility, or authority in another to act on their behalf for some future return”
(Shapiro, p.626, 1987). These trust relationships present uncertainty because the trustee
can now manipulate the person who is trusting (Shapiro, 1987). In this sense trust,
becomes a form of risk-taking in which social networks inform decision-making
(Shapiro, 1987). However, when there is no opportunity for direct contact through social
networks, and impersonal trust must be formed (Shapiro, 1987). In these cases, the
trustee must convince individuals to place their trust in them; this can be done by
minimizing the risk involved in placing trust in the trustee (Shapiro, 1987). Risk can be
minimized through policy and regulation enactment (Shapiro, 1987). A policy or
regulation can minimize an individual's perception of risk and increase trust in a
particular agency (Shapiro, 1987).
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Trust has been described as an element of social capital; however, for this thesis,
we will examine just the literature on trust, not social capital (Putnam et al., 1993).
Putnam et al. (1993) found that trust encourages cooperation within a community and that
through cooperation, trust is built. In line with Granovetter (1985), Putnam et al. (1993)
found that trust existed because past experiences inform the future actions of an
individual. Higher civic engagement in a community fosters communication and trust
(Putnam et al., 1993). Putnam et al. (1993) illustrate the need for trust in a political
system because trust creates cooperation and support for policy and political agendas.
This allows for an orderly and functional society (Putnam et al., 1993). In the absence of
trust, cooperation does not exist; thus, a lack of cooperation could indicate a lack of trust
in a leader or policy.
Political scholars began to adopt the sociological view of trust to explain
relationships between government and citizens. Levi and Stoker (2000) emphasize the
importance of both trust and distrust in the political context. While trust facilitates
cooperation, distrust mobilizes citizens against a particular leader or policy (Levi &
Stoker, 2000). Neither distrust nor trust inspires more people to vote; however, distrust is
is more likely to spur activism (Lee & Stoker, 2000). Consequently, the individuals who
distrust the current government/policy may be more likely to speak out than those who
trust the current government/policy (Lee & Stoker, 2000). Then there is generally more
dialogue against a leader or policy than for that leader or policy. Lee and Stoker (2000)
also concur with the past findings that more trustworthy leaders receive more cooperation
from citizens. Trust exists in the face of a risky situation, and through trust, worry is
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quelled (Lee & Stoker, 2000). Lee and Stoker (2000) provide a link between affective
risk perceptions and trust in government.
Since previous studies connected policy and political leaders and trust, political
scholars began to investigate the relationship between policy and trust. Knack and Zak
(2003) studied how specific policies influence trust. They found that policies increasing
communication and education directly raised levels of trust (Knack & Zak, 2003). They
also found that trust-raising policy improved living standards and reduced corruption,
increasing trust (Knack & Zak, 2003). They demonstrated the cyclical nature of trust
(Knack & Zak, 2003).
While COVID-19 politicization was extremely prevalent in the news and other
media sources, it is not the only time that science has been politicized. Campbell and Kay
(2014) began investigating why science becomes politicized by looking at climate
change. They theorize that disbelief or distrust in science from individuals in certain
groups can be due to solution aversion (Campbell & Kay, 2014). The distrust in scientific
findings may stem from a general disdain or fear of potential policies aimed at fixing a
problem (Campbell & Kay, 2014). Solution aversion could lead to a change in thinking or
perception (Campbell & Kay, 2014). For example, voters may claim they do not believe
in COVID-19 because admitting they do believe, subconsciously feels as if they are
admitting support for a mitigation strategy such as mask mandate, cancellation of public
events, and school closure.
The trust and policy research continued to develop as the years went on and social
media became more prevalent. Government leaders began obtaining social media
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accounts to communicate with constituents (Park et al., 2016). Through a study of
government Twitter accounts, Park et al. (2016) found that a leader’s use of social media
can facilitate trust. Using Twitter to facilitate trust was especially effective if the
government leader personalized the account and answered citizens’ direct requests (Park
et al., 2016). This is consistent with former trust studies that suggested a direct
connection with an individual can increase trust (Granovetter, 1973; Park et al., 2016).
Scholars have explored trust and compliance with COVID-19 policy to determine
what factors influence trust (Bargain & Aminjonov, 2020). They found that trust was a
determinant of compliance with public health policies during a crisis (Bargain &
Aminjonov, 2020). For a public health policy to be effective, it needs to be adopted
widely across the region. However, this will not happen if there are low levels of trust
(Bargain & Aminjonov, 2020).
The COVID-19 pandemic inspired many scholars to examine the pandemic and
other variables influencing it. An early COVID-19 study investigated factors influencing
risk perceptions while comparing multiple countries’ risk perceptions (Dryhurst et al.,
2020). They found that individual factors such as political ideology and trust influenced
risk perceptions. While this study included an affective element of risk perceptions and
cognitive risk perceptions, their measurements were not rooted in theory.
The COVID-19 pandemic seemed to create an even more polarized United States
than before (Kerr et al., 2021). Over the years, the news and other media have become
increasingly politicized and polarized, and COVID-19 was no exception (Kerr et al.,
2021). Kerr et al. (2021) created a survey to understand the impact of politicized media
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and political affiliation on perceived risk, trust, and intention to engage in protective
behaviors. They found that more conservative participants tend to have more trust in
government and less trust in scientific entities such as the WHO and CDC than their
liberal counterparts (Kerr et al., 2021). They also found that conservative participants
were less likely to participate in protective behaviors and had lower risk perceptions than
liberal respondents (Kerr et al., 2021). Respondents tend to display more trust in the
elected officials from their party and were more likely to align with their views (Kerr et
al., 2021). Kerr et al. (2021) provide empirical evidence that political affiliation
influences perceptions and behaviors during the COVID-19 pandemic.
Study of political affiliation is important to analyze because a person’s political
affiliatio can influence beliefs and perceptions (Campbell & Kay, 2014). The literature
also suggests that the COVID-19 pandemic was highly politicized by politicians, media
sources, and citizens (Kerr et al., 2021). Therefore, it would be beneficial to explore the
relationship between state political affiliation and affective risk perceptions, specifically
related to travel, since the travel industry is so important to the economy.
2.7 PUBLIC HEALTH AND POLITICS DURING COVID-19
Public health scholars have also begun to study policy and political affiliation in
the context of COVID-19. Health marketers investigated how political affiliation
impacted trust and policy adherence during COVID-19 (Haytko et al., 2021). They found
that political affiliation mediated the relationship between trust and adherence to healthrelated policy (Haykto et al., 2021). Their findings suggest that different types of

35

messaging should be used for different groups of people to create the most effective
marketing (Haykto et al., 2021).
Another public health scholar examined the relationship between multiple social
and political factors and COVID-19 perceptions (Franz & Dhanani, 2021). They found
that political ideology influenced fear of COVID-19, which affected the intention to
engage in preventative measures (Franz & Dhanani, 2021). They provided evidence that
state political affiliation can influence affective elements in general in the context of
COVID-19 (Franz & Dhanani, 2021). Therefore, further exploration into travel affective
perceptions could be beneficial.
The connection between political affiliation and policy was also explored by
Neelon et al. (2021). However, they looked at the policy implementation and political
affiliation of the governor, and the impact that policy had on COVID-19 cases and deaths
(Neelon et al., 2021). They found that policy implementation was significantly influenced
by political ideology (Neelon et al., 2021). They found that Republican governors took
longer to implement stay-at-home orders and mask mandates than Democratic governors
(Neelon et al., 2021). Republican governors also tended to lift the restrictions sooner than
Democratic governors (Neelon et al., 2021). This study showed that policy was
politically driven (Neelon et al., 2021).
2.8 COVID-19 AND TOURISM
The pandemic has also sparked several travel risk-related studies. One study from
the pandemic aimed to measure travel risk perceptions during COVID-19 and the effect
on travel behavior. They found travel risk perceptions increased significantly as the
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number of COVID-19 cases increased (Neuburger & Egger, 2020). Travel risk
perceptions also increased as travel restrictions and bans were implemented (Neuburger
& Egger, 2020). While the study did provide insight into traveler behavior during
COVID-19, the risk perceptions measures were adopted from Sönmez and Graefe’s
(1998b) study; therefore, they are not theoretically based (Neuburger & Egger, 2020).
Different locations were impacted in different ways by the pandemic. Scholars
need to explore the impact of the pandemic on various locations because of the unique
cultural and social differences. Wuhan, China, was considered the epicenter of COVID19 because pandemic and epidemic specialists deemed Wuhan the first outbreak site
(Zhan et al., 2020). Zhan et al. (2020) created a scale to measure the risk perceptions of
travelers visiting a crisis epicenter. The scale was not theoretically based and adopted
measures from former travel risk perception studies that were also not theoretically based
(Fuchs & Reichel, 2011; Zhan et al., 2020). They found that experience with COVID-19
lockdowns did not significantly influence risk perceptions (Zhan et al., 2020). This study
presents an interesting point of view because former studies suggest that past experiences
influence risk perception (Cahyanto et al., 2016).
The pandemic elicited many reactions and policy changes from government
officials worldwide. When tourists would visit nearby locations without first
quarantining, it was referred to as travel bubbles (Luo & Lam, 2020). Luo & Lam (2020)
analyzed fear, intention to travel, travel anxiety, and risk attitude towards travel bubbles.
Luo & Lam (2020) measure travel anxiety with the measures of Reisinger and Mavondo
(2005) as an emotional response to stress, potential risks, or actual risks. This measure of
travel anxiety was within a tour operator context. Thus, the items reflected travel which
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included a tour in the itinerary. The fear measures were adopted from the Fear of
COVID-19 Scale (Ahorsu et al., 2020). They found that fear of COVID-19 increased
travel anxiety, but COVID-19 had no significant effect on the intention to travel (Luo &
Lam, 2020). However, as anxiety and risk attitudes increased, intention to travel
decreased (Luo & Lam, 2020). In this study, fear and anxiety are considered factors that
affect perceptions but are not considered risk perceptions themselves (Luo & Lam, 2020).
The response to COVID-19 varied depending on the country and state (CDC,
2022b). In Japan, many of the lockdown restrictions and public health measures were
requested by the government but were not binding (Parady et al., 2020). Therefore, the
policies relied on citizen compliance (Parady et al., 2020). Parady et al. (2020) found that
travel behaviors in Japan did change, and they launched this study to determine what
factors influenced that change since it was not made mandatory by government entities.
They found that to encourage compliance with nonbinding policy; health campaigns
should highlight the severity of COVID-19, coping mechanisms, and appeal to the group,
not individuals (Parady et al., 2021). The study emphasized the need to find a balance of
fear appeals in messaging because if fear appeals are too strongly emphasized, it can
cause hostility towards those not in compliance with policies (Parady et al., 2021). In the
case of a nonbinding policy, financial support should be given to encourage businesses
and individuals to self-restrict without incurring too much cost (Parady et al., 2021). This
study highlights the differences in COVID-19 response and helps demonstrate the
delicate nature of public health policy. It is necessary to continue researching the most
effective strategies for reducing risk so the industry can bounce back from a crisis.
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Aebli et al. (2021) investigated travel motivation during the COVID-19 pandemic.
During the pandemic, there was an increased focus on health and safety in the context of
travel, but tourists who consider health and safety highly important tend to adopt
individual safety measures to mitigate the risk (Aenli et al., 2021). They also found that
when a destination is generally considered safe, tourists consider social risk to be higher
than health and safety risk (Aebli et al., 2021). This indicates that physical health and
safety are not the only factors contributing to risk perceptions during the COVID-19
pandemic. Although tourists were apprehensive because of the health and safety risks,
they were still motivated to travel because of mental health and social needs (Aebli et al.,
2021). This study indicates that people are motivated to travel by multiple factors. Thus
one factor will not determine whether a tourist will travel or not.
The impact of public health measures on travel intentions has begun to be
explored in the travel literature. Gursoy et al. (2021) investigated the impact of
vaccination intention on intention to travel. During the beginning of the vaccine rollouts,
pro-vaccine individuals were more likely to postpone their short-term travel plans
(Gursoy et al., 2021). On the other hand, individuals who were less likely to get the
vaccine were more likely to return to normal routines and travel plans (Gursoy et al.,
2021). As more and more people received the vaccine, pro-vaccine individuals’ intention
to travel increased (Gursoy et al., 2021). Therefore, wide availability of the vaccine
increased travel intentions in those who were pro-vaccine. In contrast, availability of the
vaccine did not affect the travel intentions of those less likely to receive the vaccine
(Gursoy et al., 2021). The findings show that health measures can influence travel.
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A systematic review of journal articles that analyze the effects of travel-related
policy during COVID-19 was conducted to identify areas for future research (BouKarroum et al., 2021). Many studies have analyzed border closure and mandatory
quarantine. However, community measures such as mask mandate and social distancing
can be more effective at reducing the number of COVID-19 cases (Bou-Karroum et al.,
2021). There were a limited number of studies concerning the public’s attitude and
perception of travel-related policy; therefore, this thesis aims to fill that gap (BouKarroum et al., 2021).
A mixed methods study was created to explore risk perceptions among travelers
(Teeroovengadum et al., 2021). They speculate that the COVID-19 pandemic will have a
lasting impact on the travel industry and that the number of travelers will remain low in
the years following the pandemic (Teeroovengadum et al., 2021). They also found that
when a destination was perceived as risky, then tourists were less likely to visit that
destination (Teeroovengadum et al., 2021). The study suggested that information sources
regarding a disease must be trustworthy and emphasize safety measures that are being
utilized by the destination (Teeroovengadum et al., 2021). Marketing strategies should be
designed in such a way as to gain the trust of the tourist because destinations perceived as
more trustworthy are those that will recover more quickly from the pandemic
(Teeroovengadum et al., 2021). However, it is important to note that travel risk
perceptions were not based on theory (Teeroovengadum et al., 2021).
The pandemic has significantly influenced the way people travel (GonzálezReverté et al., 2022). While during the pandemic, there was less traveling, travel remains

40

a priority (González-Reverté et al., 2022). The study speculates that the change in travel
habits is just a temporary response to the pandemic risk.
2.9 POLICY IN RELATION TO TRAVEL
There were many policies implemented throughout the world and in the United
States to help mitigate the spread of COVID-19 (CDC, 2022). For this study, we will
look at the mask mandate, cancellation of public events, and school closures. The
following section will explain the relevance of these policies to travel.
Mask mandates have been implemented to reduce the transmission of viral
respiratory diseases throughout the early 2000s (Liang et al., 2020). Liang et al. (2020)
reviewed the literature regarding former cases where mask mandates were implemented.
They found that masks were effective in reducing the transmission of disease in various
locations and populations (Liang et al., 2020). If a personal protective behavior is
effective and people believe it is effective, it can help reduce risk perceptions (Rogers,
1983). Historical evidence of mask-wearing effectiveness can help individuals believe
that mask-wearing is effective and reduce risk perceptions.
On the contrary, mask mandates were associated with increased community
mobility (Wadud et al., 2021). Increased mobility is associated with increased COVID-19
cases (Wadud et al., 2021). A mask mandate policy could be indicative of more people
out in the community and more people resuming travel which could lead to increased
affective risk perceptions (Wadud et al., 2021).
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Another study of mask-wearing during COVID-19 found that mask mandates
provided a sense of protection (Yan et al., 2021). This sense of protection was associated
with lower risk perceptions in leaving home (Yan et al., 2021). Once out of the home,
risk perceptions may increase because of individuals not wearing a mask or wearing the
mask incorrectly (Yan et al., 2021). There is also evidence to suggest that time in public
is generally riskier than time spent at home (Yan et al., 2021). Thus, it will be interesting
to see whether mask mandates are associated with more or less travel anxiety.
The cancellation of public events policy was chosen because of its potential
impact on travelers’ affective risk perceptions during COVID-19. Cancellation of events
or changes in plans are disruptive to the tourism industry as well as the traveler (Pachucki
et al., 2022). This could create feelings of uncertainty, fear, or worry in a traveler as they
try and recoup the financial loss from canceling a trip surrounding an event (Pachucki et
al., 2022). Travelers could also be afraid to take a trip because they could get to their
destination only for the event to be canceled (Pachucki et al., 2022). On the flip side, they
could choose not to travel because they are afraid of cancellation, only for the event to
not be canceled and they miss out on the event but it could also be harder to get a refund
(Pachucki et al., 2022). The uncertainty caused by a public event cancellation could affect
travelers’ affective risk perceptions.
An investigation into the 2020 cancellation of burning man revealed the
disruptive nature of a public event cancellation policy (Brooks & Soulard, 2022). A
public event can be a form of escape for individuals; this can be an escape from everyday
anxiety and societal pressures (Brooks & Soulard, 2022). When an event is canceled, it
could create new feelings of anxiety and uncertainty because it disrupts the original
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anxiety release (Brooks & Soulard, 2022). This is especially important in the travel
context because an event like Burning Man brings in people from all over and is the
culmination of months of travel plans and spending.
During an H1N1 outbreak, health officials advised that school closures should be
put in place to mitigate the spread of the influenza (Miller et al., 2010). Miller et al.
(2010) studied a school that was closed for a week during the outbreak to investigate
student and parents’ movements. Students remained active during the school closure;
however, their contact with other students reduced (Miller et al., 2010). Students were
told to stay home, especially if they became symptomatic, but many did not adhere
(Miller et al., 2010). While there was no direct evidence that the school closures
increased the transmission of the disease, there is evidence to suggest that there was no
change in movement around the community (Miller et al., 2010). Since the schools were
closed, kids would be in the community instead of in schools, which could create anxiety
or worry about travel or leaving the home in general. People may be afraid to travel or
leave their home for fear of encountering large or small groups of school children who
would otherwise be at school if not for the closures.
There are also indirect effects of school closures. For instance, if a parent must
stay home with the child because of the school closures, the family unit may lose income
(Uğar & Abiyik, 2020). This could create negative affective risk perceptions toward
travel if the family wants to take a trip but cannot afford to do so (Uğar & Abiyik, 2020).
Affective risk perceptions could also present themselves if a family chooses to travel but
cannot afford safer or cleaner accommodations (Uğar & Abiyik, 2020). Affective risk
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perceptions are not only due to fear of disease transmission but can also be attributed to
economic pressures.
2.10 STATE POLITICAL AFFILIATION
The state political affiliation variable for this study is based on the majority
popular vote in the state where respondents of the study reside. Since the study focuses
on affective risk perception, the state political affiliation variable was intended to provide
a glimpse into the social environment. The social environment can influence
perspectives.
King & Pearce (2010) contention due to state politics can spill into other areas of
the environment, such as the marketplace. Political competition can shape market
behavior and stakeholders in the market (King & Pearce, 2010). Those with passionate
political views can bring about change (King & Pearce, 2010). However, if the views are
less passionate, they are likely to bring about change (King & Pearce, 2010). Passionate
individuals can influence those around them (King & Pearce, 2010). Being surrounded by
passionate individuals can exert an influence on the group (King & Pearce, 2010). They
can convince others around them to be part of a change or others can be fearful to speak
out against passionate individuals (King & Pearce, 2010). This could indicate that the
political majority in a state may be a good indicator of the perceptions in that state. While
this may not always be the case, the political context, and social issues in a particular area
can influence those surrounding them (King & Pearce, 2010).
Watanabe et al. (2019) studied the disruption of sports markets in the context of
athlete activisim. In this study, to account for the socio-political environment the measure
of the percentage of GOP voters in the area was included as the political variablw
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(Watanabe et al., 2019). The political makeup of the market can influence demand
(Watanabe et al., 2019). The percentage of popular voters can provide insight into the
socio-political environment (Watanabe et al., 2019).
Watanabe & Cunningham (2020) analyzed the impact of race relations on NFL
attendance. In this study, they focused on the impact of implicit and explicit bias on NFL
attendance during the Black Lives Matter protests (Watanabe & Cunningham, 2020).
Since the voting patterns in a market can influence behavior, such as attendance at a
game, they included a political variable (Watanabe & Cunningham, 2020). The political
variable was created by entering the percentage of Republican voters in the Metropolitan
Statistical Area (Watanabe & Cunningham, 2020). The percentage of individuals who
voted for the Republican candidate in the last election was used to paint a picture of the
socio-political environment (Watanabe & Cunningham, 2020). They suggest that the
current environment, which includes political affiliation, can have social and economic
impacts on the market (Watanabe & Cunningham, 2020). While they analyze the sports
market, their findings could suggest interactions in other markets such as tourism
(Watanabe & Cunningham, 2020).
2.11 RISK AND COVID-19 CASES
Through a study of previous illnesses and infectious diseases, scholars found,
individuals experiencing infection during a pandemic tend to display emotional distress
(Pfefferbaum & North, 2020). Therefore, as the COVID-19 numbers rise so too does the
number of individuals experiencing emotional distress (Pfefferbaum & North, 2020).
Other factors such as policy, financial struggles, and being at risk can contribute to
emotional distress (Pfefferbaum & North, 2020).
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The pandemic not only had an impact on general health and wellness but also
impact mental health (Kumar & Nayar, 2021). As the number of COVID-19 cases rose,
more social distancing and isolation measures were put into place (Kumar & Nayar,
2021). Isolation and quarantine measures increased anxiety and depression (Kumar &
Nayar, 2021).
These studies indicate that as the number of COVID-19 cases increased, the
mental health problems of the general population increased (Kumar & Nayar, 2021,
Pfefferbaum & North, 2020). This coupled with the news reports and media discourse at
the time indicate an increase in affective risk perceptions with increased cases (Brunier &
Drysdale, 2022; Gaffney, 2021). For this reason, researchers chose to include the number
of COVID-19 cases as a covariate to control for the affective risk perceptions that were
due solely to case numbers.
This section of the thesis has the relevant literature and studies. The socialecological perspective is the driving force of the study. The social-ecological perspective
says that humans change with the environment, and the environment changes with
humans (Bronfenbrenner, 1977). Thus in the case of this thesis, the changing
environment refers to the policies and politicization of the pandemic, while the human
change refers to affective risk perceptions. The literature also suggests that policy and
politics are influenced by trust, which can influence affective risk perceptions. The
policies presented in this thesis may impact affective travel risk perceptions because of
their impact on general affect and community mobility.
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CHAPTER 3
METHODS
This section of the thesis outlines the methods used in the study. It is broken into
five sections: (1) secondary data collection, (2) operationalization and creation of the
variables, (3) treating and preparing the data, (4) description of the data, and (5) data
analysis. This section outlines all the processes leading up to the statistical analysis.
3.1 SECONDARY DATA COLLECTION
This study used secondary data obtained from the Tourism Crisis Management
Initiative’s study on COVID-19 and travel, which was collected from January 23, 2020 to
December 6, 2020. The investigation of the impact of COVID-19 on the travel industry
began in early 2020. There was a total of 36 waves in the study. Each wave had over 500
completed surveys. Appendix A shows an example of a survey wave. Although the
survey changed over time, the items used in this thesis remain consistent. Table 3.2 has
the final sample sizes in each wave, after cleaning the data.
For the ongoing TCMI COVID-19 Perceptions of Risk Travel Survey,
respondents were 18 or older, resided in the United States, and had either traveled
recently or had thought about traveling in the next six months. To control the population,
respondents were asked two screening questions. The questions were, “Do you currently
reside in the United States?” and “Did you travel recently, or were you considering travel
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in the next six months?” Those who answered no to either question were disqualified
from taking part in the study. This thesis will use 32 of the waves from the survey. The
data sets were then combined into one file in SPSS. The final sample size was 15,371.

Secondary data is a viable method of inquiry (Johnston, 2013). Utilizing
secondary data in a research project can add context and literature to the data set
(Johnston, 2013). Utilizing existing data can provide new knowledge to the literature in
an expedited way (Johnston, 2013). The other variables that were used were: state
political affiliation, state policies and number of cases.
Cook Political Report (Wasserman et al., 2022) was used to create the state
political affiliation variable. It provides information on the popular vote for each state
during the 2020 election. State political affiliation was included at the state levl because
policy implementation was decided at the state level. Former studies have shown that the
environment surrounding individuals can influence them socially (King & Pearce, 2010;
Watanabe et al., 2019; Watanabe & Cunningham, 2020). Therefore, it would make sense
that the popular vote could influence affective risk perceptions.
This thesis also used data collected by the CDC (CDC, 2022b). The data from the
CDC database was used to create the state policy variables and the number of COVID-19
cases variable. The CDC state policy data tracker features an interactive map of the
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United States and includes daily data for each state (CDC, 2022). From this map,
researchers identified three key state policy measures to include in this study: mask
mandate, cancellation of public events, and school closures. Each of the CDC policies
were recoded into dichotomous variables because researchers wanted to determine the
impact on affective risk perceptions when the policy was either in place or not in place.
The purpose was not to explore nuances in policy implementation levels.
The number of COVID-19 cases variable was also obtained from the CDC data
set. ((Kumar & Nayar, 2021, Pfefferbaum & North, 2020).) The CDC reported an
aggregated case number for each state daily. For this report, we used the number of cases
from the date before the survey launch since case numbers were reported at the end of
each day, and respondents would only have access to the case numbers from the previous
day. The previous day was also used for the policy variables because it would represent
the policy that was currently being experienced when respondents answered the survey.
3.2 OPERATIONALIZATION AND CREATION OF THE VARIABLES
The thesis focuses on the impact of policy and state political affiliation on
affective risk perceptions and the interaction between policy and state political affiliation
while controlling for the number of COVID-19 cases. There were four independent
variables, one covariate, and one dependent variable. The independent variables were
divided into two categories: (1) state political affiliation and (2) policy. The policy
construct consists of 3 variables: (1) mask mandates, (2) cancellation of public events,
and (3) school closures. State political affiliation was one variable. The covariate was the
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number of COVID-19 cases. The one dependent variable is (1) affective risk perception
average.
Independent Variable- State Political Affiliation based on Popular Vote
The state political affiliation based on popular vote data was obtained from the
Cook Political Report (Wasserman et al., 2022). The state state political affiliation
variable refers to that of the state, not individual respondents in the study. Since the study
did not include state political affiliation for respondents, this measure was computed
based on the works of Watanabe et. al (2019). As per Watanabe et al. (2019), state state
political affiliation based on popular vote was deemed appropriate instead of the
governor because the voting environment can influence trust and therefore affect
(Campbell & Kay, 2014). Previous studies have used this measure of state political
affiliation based on popular vote to describe the political make-up of a region when
referring to social perceptions (Watanabe et al., 2019; Watanabe et al., 2020).
If the percentage of Republican voters was greater than fifty, then researchers
coded that state in SPSS as (1) Republican. If the percentage of Democratic voters was
greater than fifty, then the state was coded as (2) Democratic. Yearly data was included
because it provided an overall picture of the state’s sentiment during that time. The
popular vote was chosen as opposed to the political affiliation of the governor because
the requirements and election process are not consistent across all the states. The popular
vote would represent the people’s vote from each state (Wasserman et al., 2022).
Independent Variable - Mask Mandate Policy
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The first policy, mask mandate, was selected on the CDC map and sorted to
include only the day before each survey wave launch. We included the COVID-19 case
number and state policy from the day prior to the launch since that would be the most
recent information respondents received. For each date and state, the level of policy
implemented at the time was coded as follows: if the state had “no policy” or
“recommended mask mandate,” then it was entered into SPSS as (1) not required; if the
state policy was “required in some specified shared/public spaces outside the home with
other people present, or some situations when social distancing was not possible,”
“required in all shared spaces outside the home with other people present or all situations
when social distancing is not possible,” or “required outside the home at all times
regardless of location or presence of people” then it was coded in SPSS as (2) required.
Independent Variable - Public Event Cancellation Policy
The next state policy included was the cancellation of public events. Researchers
repeated the process of sorting the survey data by state and date. Then we sorted the CDC
data to display only the information for the cancellation of public events for the day
before each survey launch. The data was then coded into SPSS as follows: “no measures”
and “recommend canceling” became (1) not required and required canceling was (2)
required.
Independent Variable - School Closure Policy
The last policy that was included was school closures. Again, researchers sorted
both survey and CDC data by state and date. The school closure variable was coded in
SPSS as follows: “no measures” and “recommend closing or all schools open with
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alterations” became (1) not required and “require closing (only some levels and
categories)” and “require closing all levels” were coded as (2) required.
Covariate- Number of COVID-19 Cases
The last variable included in this study from the CDC data set was the number of
COVID-19 cases. The number of COVID-19 cases was entered as a sum of all the cases
up to the date and was coded specific to each state’s case numbers. Therefore, the data
was sorted by state and date, and each aggregated total for the date and state was entered
into the survey data corresponding to that state and date. The CDC data was one day
behind the survey data since the data for the day of the launch would not be reported until
the next day.
Dependent Variable-Affective Risk Perception Average
Affective risk perceptions were measured by three variables: anxiety, fear, and
worry. Table 3.1 presents the operationalization of the affective risk perception variable.
To measure these variables, respondents were asked, “Please indicate how you feel when
you think about travel in the U.S. right now (includes travel using personal/rented
vehicle).” Then respondents were asked to rank each variable (anxiety, fear, worry) on a
five-point scale. For affective risk perceptions, the scale was from (1) anxious to (5)
relaxed. For fear, the scale was from (1) fearful to (5) fearless. For worry, the scale was
from (1) worried to (5) assured. These measurements were created to reflect the affective
evaluations component of the RAFH (Loewenstein, 2001; Schroeder, 2015). The scores
for each item were added together and divided by 3 to obtain the affective risk
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perceptions score. Due to the nature of the scale, the higher the affective risk perception
average represent lower overall levels of affective risk perceptions.
Table 3.1 Operationalization of Affective Risk Perception Average

Variable

Question on Survey

Items

Anxious

Please indicate how you feel when you think about travel in the U.S.
right now (including travel using a personal/rented vehicle): AnxiousRelaxed

(1) Anxious(5) Relaxed

Fear

Please indicate how you feel when you think about travel in the U.S.
right now (including travel using a personal/rented vehicle): FearfulFearless

(1) Fearful- (5)
Fearless

Worry

Please indicate how you feel when you think about travel in the U.S.
right now (including travel using a personal/rented vehicle): WorriedAssured

(1) Worried(5) Assured

The reliability of the scale was assessed using Cronbach’s alpha (α) coefficient to
determine the internal consistency. The affective risk perceptions scale (score, construct)
has good internal consistency with a Cronbach alpha coefficient of .919 (Pallant, 2007).
3.3 TREATING AND PREPARING DATA
Each of the 36 surveys was reviewed to ensure the affective risk perception
survey item was included. It was found the four waves of the study did not include the
item, and so they were excluded from the data set. The remaining 32 surveys were then
combined into one data set in SPSS. The 32 survey waves represented February 6December 6. Table 3.2 outlines the number of responses in each wave of the survey.
After the data were combined, it was reviewed for missing cases. Those respondents who
did not pass the screening questions were excluded. Then the affective perceptions
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questions were sorted in ascending order, and any cases in which the affective items were
not answered were deleted. Data were also sorted by state, and any case in which the state
was not indicated was deleted. The data was then sorted by start and end date—any cases
which reflected a range longer than three days were deleted. The total number of cases
viable for analysis is 15,131.
Table 3.2 Survey Waves
Date of Survey Launch

Number of Responses

February 8-9, 2020

468

March 3-4, 2020

501

March 20-21, 2020

461

March 27-28, 2020

448

April 6-7, 2020

456

April 12-13, 2020

448

April 19-20, 2020

500

April 27, 2020

461

May 3, 2020

544

May 11, 2020

522

May 18, 2020

406

May 25, 2020

545

May 30, 2020

412

June 8, 2020

403

June 15, 2020

424

June 22, 2020

417

June 29, 2020

380

July 6, 2020

450

July 13, 2020

484
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July 20, 2020

510

July 27, 2020

462

August 3, 2020

520

August 10, 2020

477

August 16, 2020

495

August 24, 2020

565

August 31, 2020

489

September 13, 2020

423

September 21, 2020

525

September 29, 2020

563

October 24, 2020

397

November 15, 2020

496

December 6, 2020

479

Total

15,131

During the combination process, the state variable was a string variable.
Therefore, it was transformed into numeric variables. This was done by assigning a
number to each answer choice, ordering the variable in ascending order, and creating a
new variable. The new variable was renamed to resemble that of the old, while the old
variable’s name was changed to include the word string to allow for differentiation of the
variables. Then the new variable was coded with the assigned numbers corresponding to
the values in the string variable.
The variables from secondary data sources were created in Excel to speed up the
data entry process by utilizing the filter feature. The method of entering the data for these
variables is outlined in the previous section. Each value had to correspond with the state
and the survey’s launch date. Frequency statistics were run to find outliers. Any outliers
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in the data (Ex: a 65 on a 1-5 scale question) were discovered and either deleted to reflect
a missing value or recoded. Lastly, the data were weighted for gender and income to
reflect that of the population. However, this information was not used in the analysis it
was merely descriptive.
3.4 DESCRIPTION OF THE DATA
A descriptive analysis was performed on all the variables. This provided
researchers with an initial idea of the data. There are four independent variables, one
covariate, and one dependent variable that will be analyzed.
Independent Variable-State Political Affiliation based on Popular Vote
The State Political Affiliation variable accounts for the popular vote in each state.
Table 3.3 will provide the frequencies for the state political affiliation variable. After the
2020 election, the sample was made up of 60.6% of respondents from Democraticmajority states. The other 39.4% of the sample was made up of respondents residing in
Republican-majority states. Researchers intend to get an idea of the popular vote during
that time, so these frequencies do not represent the electoral college.
Table 3.3 Frequency of Independent Variable State Political Affiliation
Variable

Frequency

Valid %

Democrat-majority states

9,314

60.6%

Republican-majority states

5,816

39.4%
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Independent Variable-Policies
The analyzed policies were mask mandates, cancellation of public events, and
school closures. The frequencies for each policy have been provided in the tables below.
For each state and time, the policy was either (1) not required or (2) required. Some
policies vary in implementation, such as recommended or required in some spaces.
However, for this study, these nuances were not examined individually; instead, we
looked at whether the policy was officially required or not.
The first policy that was analyzed was mask mandates. Table 3.4 provides the
frequency and percentage values. If the state required masks in any capacity, it was coded
as required in the data set. The times and locations that the mask mandate was required
make up 67.5% of the sample. While for 32.5% of the sample, the mask mandate was not
required. Since the pandemic came to the United States early in the year (March) and
since the more data was collected earlier in the year it makes sense that there is a higher
percentage of cases with policy implementation.
Table 3.4 Frequency of Independent Variable Mask Mandate
Mask Mandate

Frequency

Valid %

Required

10,209

67.5%

Not required

4,919

32.5%

The next policy researchers examined was the cancellation of public events. The
cancellation of public events policy breakdown is displayed in Table 3.5. The times and
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locations that required public events to be canceled make up 69.7% of the sample, while
the other 30.3% were collected when public events were not required to be canceled. The
breakdown of the percentage of cancellation of public events is similar to the mask
mandate requirement
Table 3.5 Frequency of Independent Variable Cancellation of Public Events
Cancellation of Public Events

Frequency

Valid %

Required

10,549

69.7%

Not required

4,579

30.3%

Lastly, researchers examined the breakdown of school closure requirements
shown in Table 3.6. This policy has the largest percentage of required implementation at
92.3%, with only 7.7% of the sample living in states that did not require schools to close
at the time of the data collection. This indicates that the school closure policy was more
widely implemented across states and time than the previous two policies.
Table 3.6 Frequency of Independent Variable School Closure
School Closure

Frequency

Valid %

Required

13,965

92.3%

Not required

1,163

7.7%

Covariate- Number of COVID-19 Cases
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This study controls for the effect the total number of COVID-19 cases in that state
at the time of data collection has on affective risk perceptions. The number of cases
ranges by state and by date. The largest number of cases at any given time was 2,547,745.
In some cases, there were 0 confirmed COVID-19 cases because at the time of data
collection in some states there were no confirmed cases. The average number of COVID19 cases in the data set was 193,503. The descriptive statistics for the number of COVID19 cases are displayed in Table 3.7.
Table 3.7 Descriptive Statistics for Number of COVID-19 Cases
Minimum

Maximum

Mean

Standard
Deviation

Number of

0

2,547,745

193,503

306,950

COVID-19 Cases

Dependent Variable
The dependent variable in this thesis was affective risk perceptions. To measure
affective risk perceptions, respondents were asked to indicate how they feel when
thinking about travel in the United States right now. They were then asked to respond to
three semantic differential items on a scale from 1-5. The items were: anxious-relaxed,
fearful-fearless, and worried-assured. Table 3.8 represents the raw affective answers
before calculating the average. The mean score for the anxiety piece of affective risk
perceptions was 2.95 while the standard deviation was 1.37. The mean score for the fear
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piece of affective risk perceptions was 2.93 while the standard deviation was 1.30. The
mean score for the worry element was also 2.93, but the standard deviation was 1.39.
Table 3.8 Descriptive Statistics for Affective Risk Perceptions

Affective Risk Perceptions

Mean

SD

Please indicate how you feel when you think about
travel in the U.S. right now (including travel using a
personal/rented vehicle): Anxious-Relaxed

2.95

1.37

Please indicate how you feel when you think about
travel in the U.S. right now (including travel using a
personal/rented vehicle): Fearful-Fearless

2.93

1.30

Please indicate how you feel when you think about
travel in the U.S. right now (including travel using a
personal/rented vehicle): Worried-Assured

2.93

1.39

3.5 DATA ANALYSIS
The data were analyzed using three analyses of covariance. For each ANCOVA
there were two independent variables (state political affiliation and policy) and the
dependent variable, affective risk perceptions. This covariate (number of COVID-19
cases) is included to control for the effect that the case numbers would have on affective
risk perceptions. Each ANCOVA featured a different social distancing policy. To run an
ANCOVA, the data must be considered normal. A homogeneity of variance test was run
to assess whether an ANCOVA could be used. Homogeneity of variance was violated.
However, since each group had a similar sample sizes, it was determined that an
ANCOVA would be appropriate (Pallant, 2007).

60

CHAPTER 4
RESULTS
The following chapter will provide an interpretation of the data analysis results.
This chapter will include three sections, one for each ANCOVA: (1) mask mandate
ANCOVA, (2) public event cancellation ANCOVA, and (3) school closure ANCOVA.
4.1 MASK MANDATE ANCOVA
A two-way between groups ANCOVA was conducted to assess the impact of
state political affiliation and mask mandate policy on affective risk perceptions. Due to
the wording and direction of the semantic differential scales, a higher affective risk
perception average indicates lower overall affect. The following section outlines the
results for the first ANCOVA. The results from the first ANCOVA are displayed in Table
4.1 and Table 4.2.
There was a statistically significant main effect between state political affiliation
and affective risk perceptions. F(1, 15371) = 51.75, p < .001, ηp= .003. This represents a
small effect size (Cohen, 1988). These results suggest state political affiliation does
significantly influence affective risk perceptions. Specifically, Republican-majority states
have a higher mean score for the affective risk perception average (M =2.98), which
indicates less affect than Democratic-majority states (M =2.92).
The results of the ANCOVA indicate there was a statistically significant main
effect between the mask mandate policy and affective risk perceptions. F (1, 15371) =
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221.27, p < .001, ηp2= 0.14. The effect size is small (Cohen, 1988). Specifically, when
the mask mandate is required the mean scores of the affective risk perception average are
higher (M =3.08) than when the mask mandate policy is not required (M=2.65). Due to
the nature of the scale, this means when the mask mandate is required there is less overall
affect.
There was a statistically significant interaction effect between the mask mandate
policy and state political affiliation. F (1, 15371) = 16.64, p < .001, ηp2= .001. The effect
size is small (Cohen, 1988). The covariate, number of COVID-19 cases, was statistically
significant. F (1, 15371) =129.47, p < .001. The interaction effect shows that when masks
are not required, the affective risk perception means in both Republican- majority states
(M=2.77) and Democratic-majority states (M=2.54) is lower, indicating higher levels of
travel affect. When masks are required affective risk perception averages were higher
(M=3.08), indicating less affect.
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Table 4.1 Descriptive Statistics of Mask Mandate ANCOVA

Mask Mandate

State Political

Mean

Std. Deviation

N

Affiliation
Not required

Republican-

2.77

1.30

2500

2.54

1.24

2492

Total

2.65

1.28

4992

Republican-

3.12

1.20

3554

3.06

1.22

6830

Total

3.08

1.22

10384

Republican-

2.98

1.26

6054

2.92

1.25

9322

2.94

1.25

15376

majority states
Democratmajority states

Required

majority states
Democratmajority states

Total

majority states
Democratmajority states
Total
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Table 4.2 ANCOVA Results Mask Mandate

Type III

Df

Mean

Sum of

F

Sig.

Partial Eta

Square

Squared

Squares
897.35a

4

224.34

148.64

<.001

.037

83342.54

1

83342.54

55219.20

<.001

.782

195.41

1

195.41

129.47

<.001

.008

78.12

1

78.12

51.75

<.001

.003

Mask Mandate

335.02

1

335.02

221.97

<.001

.014

State Political

25.12

1

25.12

16.64

<.001

.001

Error

23199.51

15371

1.51

Total

157325.78

15376

24096.85

15375

Corrected Model
Intercept
Number of COVID19 Cases
State Political
Affiliation

Affiliation * Mask
Mandate

Corrected Total

a. R Squared = .037 (Adjusted R Squared = .037)

4.2 PUBLIC EVENT CANCELLATION ANCOVA
A two-way between-groups ANCOVA was performed to examine the impacts of
state political affiliation and public event cancellation policy on affective risk
perceptions. The results of the second ANCOVA are outlined below. The results of the
public event cancellation ANCOVA can be found in Table 4.3 and Table 4.4.
There was also a statistically significant main effect between state political
affiliation and affective risk perceptions. F(1, 15371) = 6.62, p < .001, ηp2=.001. The
effect size is small (Cohen, 1988). The Republican-majority state mean scores (M= 2.98)
were higher than that of the Democratic- majority state mean scores (M= 2.92).
Although these results suggest that state political affiliation does significantly influence
affective risk perceptions.
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The results of the ANCOVA indicate there was a statistically significant main
effect between the public event cancellation policy and affective risk perceptions. F (1,
15371) = 501.32, p < .001, ηp2= .032 The effect size is small (Cohen, 1988). When
public event cancellation requirements are in place (M= 2.81) respondents reported
higher affective risk perception averages than when public events were not required to be
canceled (M= 3.24).
There was no significant interaction effect between public event cancellation
policy and state political affiliation. The number of COVID-19 cases did have a
statistically significant relationship to affective risk perceptions. F (1, 15371) = 459.04, p
< .001.
Table 4.3 Descriptive Statistics for Cancellation of Public Events ANCOVA
Cancellation

Mean

Std. Deviation

N

of Public
Events
Republican-

Not required

3.27

1.21

2093

Required

2.83

1.25

3961

Total

2.98

1.26

6054

Not required

3.22

1.15

2574

Required

2.81

1.26

6748

Total

2.92

1.25

9322

Not required

3.24

1.18

4667

Required

2.81

1.26

10709

Total

2.94

1.25

15376

majority
states

Democraticmajority
states

Total
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Table 4.4 ANCOVA Results Cancellation of Public Events
Type III

Df

Mean

Sum of

F

Sig.

Square

Partial Eta
Squared

Squares
Corrected Model

1274.29a

4

318.57

214.56

<.001

.053

Intercept

84930.26

1

84930.26

57200.55

<.001

.788

681.57

1

681.57

459.04

<.001

.029

9.83

1

9.83

6.62

.010

.000

744.36

1

744.36

501.32

<.001

.032

.003

1

.003

.002

.967

.000

Error

22822.56

15371

1.49

Total

157325.78

15376

24096.85

15375

Number of COVID19 Cases
State Political
affiliation
Cancellation of
Public Events
State Political
Affiliation *
Cancellation of
Public Events

Corrected Total

a. R Squared = .053 (Adjusted R Squared = .053)

4.3 SCHOOL CLOSURE ANCOVA
A two-way between-groups ANCOVA was run to determine the impact of state
political affiliation and school closure policy on affective risk perceptions. The results for
the school closure ANCOVA are outlined below and can be seen in Table 4.5 and Table
4.6.
The ANCOVA revealed there was also a statistically significant main effect
between state political affiliation and affective risk perceptions. These results suggest that
state political affiliation does significantly influence affective risk perceptions. F (1,
15371) =3.99, p = .046.
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The results of the ANCOVA indicate there was a statistically significant main
effect between school closure and affective risk perceptions. F (1, 15371) = 241.35, p <
.001. The effect size is small (Cohen, 1988). Specifically, when the schools are required
to close the mean scores of affective risk perception averages are lower (M = 2.90) than
when the school closure policy is not required (M =3.42). Due to the nature of the scale,
this means that overall affective risk perception levels are higher when schools are
required to close than when there is no requirement.
There was also a significant interaction effect. F (1, 15371) = 20.70, p < .001,
with a small effect size (partial eta squared = .001) (Cohen, 1988). The number of
COVID-19 cases variable was statistically significant. F (1, 15371) = 401.15, p < .001.
The interaction effect showed there is a larger difference in the affective risk perceptions
for the Democratic-majority states (M=2.88) when schools are closed versus when
schools are not closed (M=3.49) when compared to the Republican-majority states with
school close requirements (M= 2.94) versus when schools were required to close (M=
3.35).
4.5 Descriptive Statistics of School Closure ANCOVA
State

School

Political

Closure

Mean

Std. Deviation

N

Affiliation
Republican

Not required

3.35

1.12

584

-majority

Required

2.94

1.26

5470

Total

2.98

1.26

6054

Democrat-

Not required

3.49

1.08

587

majority

Required

2.88

1.25

8735

Total

2.92

1.25

9322

Not required

3.42

1.10

1171

states

states
Total

67

Required

2.90

1.26

14205

Total

2.94

1.25

15376

Table 4.6 School Closure ANCOVA Results
Type III

df

Mean

Sum of

F

Sig.

Square

Partial Eta
Squared

Squares
911.16a

4

227.79

151.01

<.001

.038

38477.82

1

38477.82

25508.93

<.000

.624

605.10

1

605.10

401.15

<.000

.025

6.02

1

6.02

3.99

.046

.000

School Closure

364.05

1

364.04

241.34

<.000

.015

State Political

31.23

1

31.23

20.70

<.000

.001

Error

23185.69

15371

1.51

Total

157325.78

15376

24096.85

15375

Corrected Model
Intercept
Number of COVID19 Cases
State Political
Affiliation

Affiliation * School
Closure

Corrected Total

a. R Squared = .038 (Adjusted R Squared = .038)
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CHAPTER 5
CONCLUSION AND DISCUSSION
This investigation explored the impact of policy and state political affiliation on
affective risk perceptions. The results of the data analysis were presented in the previous
chapter. This section will discuss the implications of these findings. The following
chapter contains three sections: (1) discussion and conclusions, (2) practical implications,
and (3) theoretical implications, (4) limitations, and (5) future research.
5.1 DISCUSSION AND CONCLUSIONS
This study was conducted to explore the relationships between policy, state
political affiliation, and affective risk perceptions within the context of COVID-19. The
findings of this study have shed a light on the importance of policy and politics in the
travel industry. All the following relationships were found while controlling for the
impact of the number of COVID-19 cases, which was found to have a statistically
significant relationship with affective risk perceptions.
The first finding comes from the mask mandate ANCOVA. This analysis revealed
several significant relationships. The first finding revealed a statistically significant
relationship between state political affiliation and affective risk perceptions. Specifically,
those in Democratic-majority states indicated higher levels of affect than those in
Republican-majority states. Meaning, on average Democratic-majority states have more
affect than the Republican-majority states.

69

These findings are consistent with public news and messaging during the
pandemic (Enten, 2020; Rahman, 2020). While news articles claimed that Democraticmajority states were more concerned about COVID-19 than Republican-majority states,
this evidence was questionable. However, this study revealed higher levels of affective
risk perceptions among Democratic-majority states than Republican-majority states. This
could be due to the SARF. The mask mandate policy became a political issue in the news
(Kerr et al., 2021). Political messaging can appeal to anxiety (Verhoeven & Duyvendak,
2015). Therefore, politicization of the policies during COVID-19 could have caused
social amplification of that risk.
The other part of SARF is that society can amplify risk. Societal pressures from
fellow Republicans/Democrats could sway an individual into feeling more or less anxious
about domestic travel (Kasperson et al., 1988). There could also be an added layer of
affective risk perceptions due to travel shame. The role of shame in travel has mainly
been studied in relation to flight and sustainability (Gӧssling et al., 2020; Mkono &
Hughes, 2020). Tourists resist flying or other methods of travel with high carbon
emissions (Gӧssling et al., 2020; Mkono & Hughes, 2020). While some travelers do this
to reduce emissions, others feel guilted into sustainable practices to avoid damage to their
reputation (Gӧssling et al., 2020; Mkono & Hughes, 2020). Travel shame came into play
during the pandemic whenpeople were afraid of looking insensitive (Eliot & Lever,
2021). There was increased social pressure to not travel to avoid looking like a ‘bad
person’ (Eliot & Lever, 2021). Since the pandemic divided people along party lines,
Democratic-majority states could have inflated affective risk perceptions due not just to
the health risk but also to the risk to an individual’s reputation.
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SARF is prevalent because people tend to seek out information that confirms what
they were already thinking (Kappes et al., 2020). This happens in news sources and social
groups (Kappes et al., 2020; Knobloch et al., 2017). Politicized news has played a role in
confirmation bias because individuals seek out news sources that align with their political
affiliation. If the news sources that align with Democratic views are spreading the
message of a risky world that requires protective measures, then it can amplify the risk in
Democratic viewers. Furthermore, if an individual aligns themselves in a world where
their friends/associates are of the same beliefs as them, then travel shame and social
amplification can occur.
However, Wadud et al. (2021) found that mask mandates were associated with
increased community mobility and could increase affective risk perceptions. Yan et al.
(2021) found that mask mandates could provide a sense of protection. This study supports
that mask mandates were associated with a sense of protection; therefore, affective risk
perceptions were lower when the mask mandates were in place.
The other finding from the mask mandate ANCOVA was that there was a
statistically significant relationship between the mask mandate policy and affective risk
perceptions. Specifically, when masks were required, affective risk perception levels
were lower than when masks were not required. This finding indicates that the use of
protective measures such as mask mandates can mitigate feelings of travel anxiety by
increasing individuals’ feelings of control (Cahyanto et al., 2016). This finding is
important to the travel industry because it shows that the implementation of measures
such as mask mandates can lessen feelings of anxiety toward travel. By implementing
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policies, tourists may feel safer and, in turn, display less travel avoidance (Reisinger &
Mavondo, 2005).
In times and states when events were canceled, the overall affective risk
perception levels were higher than when events were not canceled. This shows that
stricter policies may not always lead to lower affective risk perceptions. The cancellation
of public events could be perceived as more of a disruption to daily life than that of the
mask mandate and serve as an amplifier for the risk (Kasperson et al., 1988). With no
public events, people do not have the outlet to release stress and anxiety. Staying at home
and being isolated may be the reason for higher affective risk perceptions. Since public
events are canceled, they no longer served as a pull factor for travelers. Without the outlet
of travel, the health benefits of tourism, such as stress relief, were not achieved (Chen,
2018; Chen & Petrick, 2013). Therefore, stress can become compounded and impact
levels of affective risk perceptions.
The last ANCOVA analyzed the school closure policy and affective risk
perceptions. There was a statistically significant relationship between the school closure
policy and affective risk perceptions. The affective risk perception levels were lower
when schools were not required to be canceled. Again, this could be due to the major
disruption of daily life as an amplifier of risks. Parents experienced more stress during
the pandemic than before the pandemic; school closures could have played a role in this
(Adams et al.,2021). Since affective risk perception averages were less when schools
were open, this could indicate that normality of life and social interaction is crucial to
keeping low affective risk perception levels. This relationship could also be due to
outside factors. Schools were closed early in the pandemic and remained closed for much
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longer than these other policies were in place. It is possible that affective risk perceptions
were lower at the beginning of the pandemic because little was still known about it, and
this just happened to be when schools were still open. Since schools were closed for a
majority of the study timeframe (92.3%), it is unfair to draw any definite conclusions
about this policy.
In both the school closure and public event cancellation policy, affective risk
perceptions were higher when the policy was required. This could be due in part to the
fact that these policies were related to the progression of the pandemic and the severity
associated with it. The school closure policy could also be indicative of more community
mobility. When kids are out of school, the find leisure activities within the community
that could increase exposure to community members that otherwise they would not have
received (Miller et al., 2010). Neuburger and Egger (2020) also found that when policy
increased during the pandemic so did perception of risk.
The last relationship in the mask mandate ANCOVA revealed a statistically
significant interaction effect between mask mandate and state political affiliation on
affective risk perceptions. When masks were not required, Republican-majority states and
Democratic-majority states indicated lower levels of affective risk perceptions than when
masks were required. However, the difference in affective risk perceptions due to the
mask mandate policy was much greater for Democratic-majority states than for
Republican-majority states.
There was a significant interaction effect between state political affiliation and the
school closure policy on affective risk perceptions. The mean difference between when
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schools were required to close and when they were not, was larger for the Democraticmajority states than it was for the Republican-majority states. This indicates that closing
schools exacerbated affective risk perceptions more for Democratic-majority states than
Republican-majority states.
This indicates that mask mandate policy was more effective in reducing affect in
Democratic-majority states than in Republican-majority states. This could be due in part
because places with majority Republican supporters were less inclined to wear a mask in
public (Kahane, 2021). Since individuals are less likely to engage in personal protective
measures if they do not believe in the effectiveness of the measures, this could be
indicative of a lack of belief in the effectiveness of mask-wearing in Republican-majority
states (Floyd et al., 2000; Maddux & Rogers, 1983). While PMT does refer to cognitive
risk perceptions, we know that there is a relationship between cognitive and affective risk
perceptions (Loewenstein et al., 2001).
The literature shows that higher affective risk perceptions can lead to increased
use of personal protective measures (Chein et al., 2016; Schroeder, 2015). Which in turn
can increase feelings of controllability and limit anxiety (Cahyanto et al., 2016). This
could explain why the difference in Democratic-majority states affective risk perceptions
when the mandate was in effect was greater than that of Republican-majority states.
Therefore, it is important to note that reducing affective risk perceptions is not a one size
fits all approach. Different strategies for reducing affective risk perceptions may work
better for some than for others. Industry leaders should keep their location in mind when
considering policy implementation and cater to different audiences.
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There is also a former supported link between trust in government and attitude
towards policy (Lee & Stoker, 2000). Political ideology and trust have been found to be
linked to risk perceptions (Dryhurst et al., 2020). Therefore, trust in a particular political
party should be linked to trust in a particular policy. When trust is present then worry is
quelled (Lee & Stoker, 2000). Therefore, in areas with more support and trust in a
particular policy, there should be lower affective risk perceptions.
Travel is essential to the human experience and helps relieve stress. In times
where travel is disrupted, so too is the mental health of the population. The pandemic
made this clearer than ever before. Regardless of political affiliation people have the need
to travel. The issue lies in making the potential traveler feel safe. Each group of people
has specific needs when it comes to feeling safe enough to travel. It is important for
industry leaders to understand the population they are attracting, and how to ensure they
feel safe enough to travel.
5.2 THEORETICAL IMPLICATION
This exploration into policy, state political affiliation, and affective risk
perceptions can provide a new direction for tourism studies. While no one theory was
applied to this study, it was explored using the social-ecological perspective. This study
provides support for use of the social-ecological perspective because while the
environment changed over time, it shaped the affective risk perceptions of travelers.
There should be further exploration into the social-ecological perspective and tourism.
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In addition, the study offers findings that would support the use of SARF in this
context. While SARF did not drive the research questions or findings, it can provide an
explanation for the findings.
5.3 PRACTICAL IMPLICATIONS
The practical implications of this study deal with crisis communication and
marketing. The study looked specifically at state-level policy and state political
affiliation. Through this investigation, we found that affective risk perceptions varied
across the states depending on the political affiliation of the State and the type of policy
implemented. This is consistent with findings from Cahyanto and Pennington-Gray
(2014), that crisis communication and marketing efforts need to be catered toward
specific audiences because risk perceptions differ. Policy was significant in changing
affective risk perceptions in both Republican- majority states and Democratic-majority
states; however, the difference was greater for those in Democratic-majority states. This
shows that destination marketing organizations and businesses should focus on sharing
the message of safety policies being implemented more so in the Democratic-majority
states than in the Republican-majority states. When communicating and marketing during
and after a crisis, organizations should consider the target audience to reduce affective
perceptions and recover quickly most effectively.
5.4 LIMITATIONS
This study was an exploration of the impact of policy and state political affiliation
on affective risk perceptions. Therefore, there are many limitations that exist within the
study. The first limitation is with the data collection. Since we utilized existing data, the
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creation and collection of said data were not specific to this study. That explains why
three different sources of data were used for this study. The data was not constructed with
the specific goal of policy and state political exploration. Later versions of the TCMI
survey included an item about individual political affiliation, but since it was not
consistently included within the earlier waves of the survey, we chose to use another
source for that variable. Meaning that the state political affiliation variable was not
necessarily consistent with the respondents who answered the affective risk perception
items. It was consistent with the political makeup of the respondent’s state, however, it is
an overgeneralization to assume that would also be consistent with the survey sample. It
is also limiting because it does not include those states that would be considered purple
(Rao, 2017). Due to time and budget constraints, the data was also not collected at
consistent time intervals. While there is only a week or two between some waves, other
waves were collected a whole month apart.
Another limitation is that the data was collected at the state level. Krutwaysho and
Bramwell (2010) indicated that policy enforcement is more nuanced than at the state
level. Policy implementation, as well as political affiliation, vary within the state level. It
may be more beneficial to look at the local or county level to account for nuances within
the state.
Another limitation is that while we did control for case numbers, which provided
somewhat of control for time. Time still has a major influence on the data set. This is
especially prevalent in the school closure findings as school closures occurred very early
in the pandemic and remained for most of the first year. Affective travel perceptions
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could fluctuate throughout the year based on other factors such as time or familiarity with
the pandemic.
Lastly, this study analyzes only affective risk perceptions. Sometimes affective
perceptions can be the sole driver of decision making, however, to gain a full picture of
risk perceptions we must consider at least both cognitive and affective perceptions
(Loewenstein et al., 2001). Recent studies even suggest a third level of risk perceptions:
experiential perceptions (Ferrer et al., 2016). This study provides an incomplete picture
of travel risk perceptions.
The effect size of all the relationships was small (Cohen, 1988). Therefore, the
differences in the statistical analyses may be negligible. This represents another limitation
in the study.
5.5 FUTURE RESEARCH
As outlined in the previous section, there are many limitations of the present
study. These limitations provide opportunities for future research. This study could be
expanded to include cognitive and experiential risk perceptions as well as other policies
implemented during the pandemic Lastly it would be interesting to see a survey curated
specifically for the topic.
While there are many limitations to this study, it can provide a jumping-off point
for future exploration. Policy and politics are important players in the travel industry. To
continue the tourism conversation without addressing the role of politics and policy on
the industry is to remain stagnant. We cannot move forward without acknowledging and
exploring these relationships.
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